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Abstract

This research aims to develop a deep learning model for analyzing securities price behavior using statistical
patterns. The case study focuses on the Stock Exchange of Thailand (SET). The research data was collected from
the TradingView platform, encompassing stock trading statistics between 2023 and 2024, for a total of 1,000 records.
The data was divided into two sets: a training set (70%) and a testing set (30%). The developed model was
employed to forecast stock price movements in a time series format. The results were visualized using Power BI.
The findings demonstrate that the proposed deep learning model effectively predicts and analyzes securities price
behavior in the SET, achieving an accuracy of 48.89%, a recall of 56.82%, and a precision of 48.08%. Further

development is required to improve the model.
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